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 0.40.6 ;Re ; 1,2,.., 1.4; 1.6

0 1

     M-step: Re-estimate the para

n n

Z c j j j j

n j j

N
n

j j

n

E p D P x

call N j M N N

    




 



      

 
 

      
 
  





1 2

1

meters using the current responsibilities

1 1 0.4*10 0.6*10 20
                3.5714; 16.25

1.4 1.6

N
new n n new new

j j

nj

x
N

   


 
     



Copyright ©2018 by K. Pattipati

21

 Problem 10:

1 2

1

2,

1

     M-step: Re-estimate the parameters using the current responsibilities

1 1 0.4*10 0.6*10 20
                3.5714; 16.25

1.4 1.6

1
               (

N
new n n new new

j j

nj

N
new n n n

j j j

nj

x
N

x
N

   

  





 
     

 



 2 2, 2,

1 2

1 2

1

) 16.5306; 23.4375

                0.4667; 0.5333

    E-step:

( ; , )
            ; 1, 2,.., ; 1, 2,..,

( ; , )

0.9919

               0.4072

0.00

ew new new

jnew new new

j

n

j jjn

j M
n

k kk
k

N
P P P

N

P N x
j M n N

P N x

 







  

   


  



 



0.0081 0.5373 0.4627

0.5928 . After 5 iterations:  0.5373 0.4627  ;NLL=11.7250

04 0.9996 0.5373 0.4627

All converge to same mean of 10.333 and variance of 60.222.

etc
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 Problem 10:

1 0

With 0 1 ,  it converges to means 1 and 15 and variances of 0 and 25.  NLL= 9.6366 setting var=max(0,eps)

0 1

1 0

With 1 0 ,  it converges to means 5.5 and 20 and variances of 20.25 a

0 1

 
 

  
 
  

 
 

 
 
  

nd 0.  NLL= 9.8473 setting var=max(0,eps)

Different initializations will give different answers!!!




